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Figure 2: The overall framework of ChatPLUG .

ChatPLUG : Open-Domain Generative Dialogue System with Internet-Augmented Instruction Tuning for Digital Human https.//arxiv.org/pdt/2304.07849.pdf
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Figure 1: An overview of datasets used in ChatPLUG. These datasets are color-coded for convenience: green
represents persona, yellow denotes empathy, blue stands for knowledge, and pink signifies functional datasets.

History:

Which film star do you like?[SEP] Bruce
Lee [SEP]What films has he made?
Knowledge:

1. Bruce Lee’s movie “Fist of Fury”...

n. Bruce Lee made:28 films during ...

Knowledge-grounded Tasks

History:

Hi~ [SEP]Hello! [SEP] What are you
doing? [SEP] I am reading [SEP] Do you
like poems?

User Profile:

Bot Profile:
I like prose; I am a student ...

Persona-grounded Tasks

@context Wlong history @knowledge

user profile @ bot profile

1, : Suppose we're talking now, please give me an appropriate and informative
response. Here is our conversation. I: Which film star do you like? You: Bruce Lee.
I: What films has he made? The following is the related knowledge, please refer to
it. Bruce Lee’s movie “Fist of Fury”...

I,: Suppose we're talking now, please give me an appropriate and informative
response. Here is our conversation. I: Which film star do you like? You: Bruce Lee.
I: What films has he made? The following is the related knowledge, please refer to
it. Bruce Lee made 28 films during ...

Instruction
Builder

1,: Suppose we're talking now, please give me an appropriate and factual response.
Here is our conversation. I: What are you doing? You: I am reading. I: Do you like
poems? The following is our previous conversation for reference when responding.
I: Hi~ You: Hello!

I: Suppose we're talking now, please give me an appropriate and factual response.
Here is our conversation. I: What are you doing? You: I am reading. I: Do you like
poems? The following is what you know about me. Refer to the info and avoid

contradicting your reply.

yu are Mike; You have et dog

I3: Suppose we're talking now, please give me an appropriate and factual response.
Here is our conversation. I: What are you doing? You: I am reading. I: Do you like
poems? The following is your personal info. Refer to the info and avoid
contradicting your reply. I like prose; I am a student ...

\

Figure 3: Illustration of Instruction Builder Module.
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My original reason for creating this enormous list (or set) was to learn whether the methods of
combinatorial ideonomy could prove helpful in opening up, specifying, nominating, distinguishing,
ordering, legislating, indexing, communicating, reducing, and otherwise investigating the universe

of all actual and possible traits, types, and processes of human character and behavior.

I was interested in gaining insight into such questions as: Can the universe of personality traits be
circumscribed? Has it some sort of characterizable and consequential boundary? Are there limits or
no limits to human variability, diversity, and psychogenesis? Are there polar tendencies or attractors?

Is-or to what extent is-existing language adequate to analyze and express man's character or

psychology? How redundant are names, concepts, and manifestations of character traits? How

similar, different, overlapping, orthogonal, inconsistent, etc?

Human Kaleidoscope: https.//ideonomy.mit.edu/essays/kaleidoscope.htm/

Patrick Gunkel Is An Idea Man Who Thinks in Lists
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Adventurous
Appreciative (Grateful)

Articulate (Well-spoken,
Expressive)

Attractive

Brilliant
Calm

Captivating
Caring

Charming
Cheerful

Clever

Colorful (Full of Life,
Interesting)
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Absentminded

Aggressive

Amusing
Artful
Boyish

Breezy (Relaxed,
Informal)

Businesslike

Casual

Cerebral (Intellectual,

Logical)

Complex

Conservative
(Traditional,
Conventional)

Contradictory
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Abrasive (Annoying,
Irritating)

Airy (Casual, Not Serious)

Aloof (Detached, Distant)

Angry

Anxious

Apathetic (Uncaring,
Disinterested)

Argumentative

Arrogant
Artificial
Assertive

Barbaric

Bewildered (Astonished,
Confused)
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SHARRNAE | MARZEER. BS. 9iZLER

et PersonaEFl':\'ﬁ%Etlj
LiPersonality6385 SRR AR | 1B [EAESH WENE =m AR
HINEHEEEA] EHIRIENAE
SCISERY Personality209933%5 |
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93.03%/53.00%/71.77%
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19.88%/30.45%/77.92%
65.14%/32.71%/26.16%
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17.25%/43.23%/82.91%
12.91%/10.53%/55.4%
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45.83%/34.58%/86.88%
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80%/99.62%/40.99%

18.51%/95.48%/42.99%

66.74%/84.96%/35.21%
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B ChatPLUGIRE:

N
FilR
Spotlights

Knowledge
Augmentation

Knowledge

. Multi Skills Search Engine / Local KG

User

ChatPLUG

Personalization

Bot Profile

Personality Info

Compared with existed open-source models, we highlight three feaures of ChatPLUG as follows:
1. Knowledge Augmentation

It's flexible to integrate external knowledge during inference, and this is an optional input. You can utilize a
search engine to acquire up-to-date information or use a local knowledge base to obtain domain
knowledge.

2. Personalization

It's easy to customize the style of conversations and characters by setting bot profiles orusing role-
paly instructions .

3. Multi Skills

It exhibits its proficiency in open-domain dialogue through mulit-turn conversation, while also displaying
impressive multi-task abilities on a wide range of NLP tasks.

https://qgithub.com/X-PLUG/ChatPLUG

https://www.modelscope.cn/studios/damo/role play chat/summary

( EAemonmst 7 )5 )
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